


Latent bias: If you're training your 
program to recognize a doctor and 
your data sample is of previous 
famous physicists, the program will be 
highly skewed towards males.

Confirmation bias: Consider the 
classic example of Facebook users 
and their data feed. The algorithm 
only displays posts based on their 
shares and likes. It analyses the data 
feed to present new content that 
matches what it confirms to the user's 
set of existing ideas.

Similarity bias: This is simply the 
result of an algorithm that's designed 
to output the result based on “similar 
to” either the requested queries or 
existing documents. Example is that of 
a news feed that displays similar 
stories that tend to confirm and 
corroborate each other.

Selection bias: The data used to 
train the algorithm over represents 
one population, making it operate 
better for them at the expense of 
others.

Conflicting goals bias: The system is 
designed for very specific tasks, but 
the result will be influenced by the 
user's bias reinforced by their ideas of 
stereotypes. Imagine the system that 
is used for displaying the most 
accessed job post in the website 
resulting in displaying the job post 
that has the highest number of clicks. 
Say, for a secretary job post, this will 
be most accessed by women rather 
than men. This is due to the typical 
individual's knowledge of a stereotype 
associated with the secretary job that 
leads to greater clicks.

Data Driven bias: The output of the 
AI systems is driven by the millions of 
data that's fed to the systems. If the 
training data itself is skewed, then the 
result will also be equally so. Though 
this can be unintentional, but they 
demonstrate the possible negative 
repercussions that occur from 
learning from a skewed data. 

Available data samples for teaching 
the algorithms must be unbiased by 
historical data. This is a vital step that 
will ensure the data generated and 
collected through a controlled 
environment is fresh and unbiased. 

Not every scenario is feasible for 
using machine learning algorithms. 
Organizations should know when to 
use and when not to use them to 
truly leverage its benefits. While 
algorithms offer speed, accuracy and 
convenience, the regular manually 
crafted models, such as decision trees 
or logistic regression or even human 
decision-making approaches provide 
more flexibility and transparency.

Machine learning algorithms are built 
by humans and they need to 
understand an algorithm's 
shortcomings and design them such 
that the output is not invalidated by 
algorithmic bias. They must 
understand the operating procedures, 
safety practices and best rules.

Can biases be addressed
in machine-learning
algorithms?

While its nearly impossible to 
eliminate algorithmic biases in AI and 
machine learning, organizations can 
implement measures that mitigate 
the algorithmic biases in decision 
making process. 

The Zero Incident FrameworkTM iss 
built keeping the below factors in 
mind when designing the AI 
algorithms. This enables us to 
provide an inherently unbiased 
platform for organizations to deploy 
and perform smarter IT Operations. 

The future of AI based learning is in 
unbiased algorithms. It's still work-in-
progress with great potential to 
benefit humans. What's important is 
to recognize that those biases exist, 
and that policymakers try to mitigate 
them.

GAVS Technologies expertise in AI 
based solutions is driving 
organizations in their endeavor to 
maximize their operations and 
business prospects through AI 
initiatives. 

For more information on how GAVS can help solve your
business problems, write to inquiry@gavstech.com
www.gavstech.com
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GAVS Technologies is an automation-led digital transformation company with focus on AI, 
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